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Abstract In micro-current measurement, the suppression of noise interference is a key issue.
Aiming at the current elimination of noise interference, which is mostly concentrated in the
device design stage, a measurement method is proposed to eliminate noise interference in the
data processing stage with the aid of a deep learning technology. The output voltage value of
the micro-current measuring device and the relative true value of the micro-current of the high-
precision multimeter of the measurement are used to form data samples. The Tensorflow ex-
perimental platform is selected and the “optimal neural network” is trained using 1500 data
samples to predict the micro-current value, and the remaining 27 samples are used to test.
The experimental results show that, compared with the “best function” obtained by the tradi-
tional least square method, the deep learning method can better eliminate noise interference,
with smaller average relative errors and higher prediction accuracy.
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