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Cross-Community Collaboration Strategies of
Foreign Venture Capital: Industrial
Expansion Capacity

Yu Zhangt, Yue Zhang't, and Tao Wang

Abstract: In the global venture capital (VC) landscape, cross-community collaboration is vital for
foreign VC firms, especially in markets like China, where the business environment and the guanxi
culture present unique challenges. Using co-investment data from 2000 to 2014, this study identifies
seven communities through a semi-supervised detection method, categorizing them by the
predominance of domestic or foreign VCs. Cross-community collaboration refers to partnerships
between VC firms from different communities, involving at least one domestic and one foreign VC.
Logistic regression analysis reveals that industry distance does not significantly impact cross-
community collaboration. However, industry hotness and local knowledge positively moderate this
relationship. In the Chinese context, signaling theory suggests that cross-community collaborations
between foreign and domestic VCs act as a signal of credibility. Guanxi, characterized by trust and
reciprocity, encourages foreign VCs to foster long-term relationships with domestic counterparts,
helping them bridge industrial and cultural gaps. Additionally, industry hotness and local experience
reduce investment risk and uncertainty, leading foreign VCs to engage more frequently in cross-
community collaborations that link domestic and foreign ecosystems. This study integrates signaling
theory with guanxi in the cross-community VC context, emphasizing the strategic role of syndication

as a signal in emerging markets like China.
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I Introduction

In recent years, cross-community collaboration has
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become a crucial strategy for foreign venture capital
(VC) firms to expand their industrial footprint in
emerging markets such as China. Foreign VCs often
lack the deep-rooted social connections that facilitate
access to local resources, information, and networks,
adding complexity to their entry into China’s venture
capital landscapel'l. By cooperating with local VCs,
however, foreign VCs can bridge critical gaps in
market information, policy trends, and cultural
understanding, enabling them to more effectively
navigate regulatory complexities and cultural nuances(?l.
Additionally, the local networks and social capital that
domestic VCs possess provide foreign VCs with

Iu

essential “soft resources” for entering the market,

including trust, relationship networks, and access to
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local resources—factors that are especially important
in the Chinese marketl3-%]. However, compared to
cooperation within a single community, cross-
community collaboration offers foreign VCs greater
strategic advantages. It not only helps them quickly
establish a broad network of relationships but also
effectively diversifies risk, overcoming the resource
and information limitations of a single community to
achieve multi-layered market insights[él.

The existing literature extensively explores the
cooperative relationships between foreign and local
(VC) firms.

collaborative investment strategy, not only provides

venture capital Syndication, as a
VCs with opportunities to co-invest in portfolio
companies but also establishes a relational network
that goes beyond simple financial transactions. These
repeated syndications build trust, shared norms, and
mutual obligations, promoting social embeddedness
within  the VC

embeddedness plays an important role in reducing

communityl”. 8. This social
transaction costs, improving information flow, and
fostering within  the
communityl>-''l. As foreign VCs embed themselves

into these

reciprocal  relationships

syndication networks, they gradually
become part of a community that transcends national
or cultural boundaries, effectively mitigating the
“liability of foreignness” and allowing them to better
adapt to the host country’s market environment(2 '2],
However, existing research often overlooks the
dynamics brought about by deeper social embeddedness.
This study aims to fill this gap by focusing on how
foreign VCs operate within Chinese communities and
develop strategies for cross-community collaboration.
In foreign VC-dominated communities in China, multi-
party syndications are common, where foreign VCs
often collaborate with other foreign VCs and
sometimes with local VCsl!3l. Previous experiences of
success and failure in other markets encourage foreign
VCs to favor collaborating with those foreign partners
who entered the Chinese market earlier, thus helping
to reduce the liability of foreignness(? !4 151, Familiarity
plays a crucial role in partner selection, leading foreign
VCs to prefer familiar foreign partners, while local
VCs are more inclined to collaborate with other local
VCs, forming a tendency for foreign-foreign and local-
local dyadic collaborations!!'é !7]. Therefore, these cross-

community collaborations differ from simple dyadic
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partnerships, involving complex dynamics and power
relations based on social embeddedness—complexities
that have not been fully explored in the existing
literature.

The contribution of this study lies not only in
exploring the cooperation between foreign and
domestic VCs in the Chinese market but also in
highlighting the unique value and complex dynamics of
cross-community  collaboration. Using a  semi-
supervised community detection method, this study
identifies seven major communities within China’s VC
market, highlighting their differences in regional
distribution and capital type dominance. Employing a
model, the

analyzes the effect of industry distance on cross-

logistic regression study empirically
community collaboration by foreign VCs, finding that
industry hotness and local experience positively
moderate the relationship between industry distance
and cross-community collaboration. In China’s unique
theory suggests that

community collaboration provides foreign VCs with

context, signaling cross-
multiple channels for market access and resource
sharing, enhancing their market credibility through
signaling effects. Additionally, China’s guanxi culture
further encourages foreign VCs to build trust through
cross-community collaboration, bridging strategic and
cultural gaps. These connections enable foreign VCs to
leverage resources across multiple communities,
reducing investment risks and promoting successful
cross-community collaboration.

By revealing the strategic importance of cross-
community collaboration in emerging markets, this
study not only fills a gap in the existing literature but
also provides theoretical and practical support for
foreign VCs seeking to expand in emerging markets.
Through an in-depth understanding of the unique roles
of cross-community collaboration in
integration, risk diversification, and market adaptability,

this study offers new insights and empirical evidence

resource

for VCs’ cooperation in a globalized context.
2 Theory and Hypotheses

2.1 Industry distance and syndication

Industry distance can also be seen as a proxy for
cognitive or technological differences between firms.
According to Nootebooml'8], cognitive distance affects
knowledge transfer: moderate distance can enhance
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learning potential, but excessive distance leads to
misalignment. Boschmal'®l similarly explained that

proximity  fosters innovation by  improving
coordination and communication, while excessive
distance increases misunderstandings and reduces trust.
According to the perspectives of institutional
theory[?] and transaction cost economicsl2!], the
impact of industry distance on co-investment is
influenced by the institutional environment and
collaboration costs. For foreign venture capital firms,
cross-industry ~ knowledge  asymmetries,  goal
misalignment, and cultural differences can result in
greater cognitive and strategic distance, increasing
coordination costs and complicating transactions.
Different industries are often subject to distinct
regulations, cultures, and management practices, and
these institutional differences can exacerbate
coordination difficulties and strategic misalignments.
When

collaborations, they may face varying legal regulations

companies  engage in  cross-industry
and corporate cultures, which increase the complexity
and uncertainty of collaboration, thereby raising
transaction costs. These transaction costs include
coordinating different operational expectations and
addressing potential conflicts, all of which can reduce
the likelihood of successful cooperation(22 23],

Finally, social capital theory complements the
understanding of the impact of industry distance. Social
capital refers to certain characteristics of social
organizations, such as trust, norms, and networks,
which can enhance social efficiency by facilitating
cooperative action[?]. When companies from different
industries collaborate, the lack of prior interaction and
unfamiliarity with each other’s operational norms can
weaken trust. This trust deficit is particularly evident
when industry distance is significant, as firms may have
divergent goals, cultures, or strategic priorities. These
divergences increase perceived risk, making firms
more hesitant to engage in cross-industry joint
ventures or alliancesl” 2°1. In the context of foreign and
domestic venture capital communities, industry
distance exacerbates the challenge of building trust, as
firms from different industries and countries have
fewer shared experiences and less familiarity with each
other[2¢l. Therefore, due to these limitations, the
likelihood of companies engaging in joint investments

decreases when industry distance is large.

As a result, firms are less likely to syndicate when
industry distance is high due to these cost and social
capital limitations.

Hypothesis 1: Industry distance decreases the
syndication likelihood between foreign and domestic
communities.

2.2 Industry hotness and syndication

Industry hotness plays a critical role in promoting
collaboration between domestic and foreign venture
capital (VC) firms. Industry hotness refers to the
proportion of VC-backed companies in a particular
sector that successfully go public through an initial
public offering (IPO). As Loughran and Ritter(?’]
highlighted,
overvalued on the first day of trading, making these

stocks in hot industries are often
industries more attractive and less risky for investment.
The increased liquidity and stable exit opportunities
provided by hot industries enhance the incentives for
domestic and foreign VCs to collaborate.

Collaboration with domestic VCs offers foreign VCs
support in navigating legal and cultural norms, thereby
reducing the uncertainties associated with cultural and
institutional differences[2® 2%, |n the in-depth interview,
when asked why foreign investors tend to have more
partners, Mr. D. answered:

“Foreign investors like to cooperate (with domestic
venture capital (VC) firms), for several possible reasons.
First, they are foreign companies, so they tend to hug
other (domestic) VC firms, as they are unfamiliar with
local conditions. Second, in the early stage (of the
development of this industry), foreign investors
preferred large projects,... now, they tend to invest in
smaller projects.... (Finally), foreign investors bond
together to gain greater efficiency (higher protection
against uncertainty)... Through mutual trust and
governance mechanisms, we co-invest on a project.”
(Mr. D: C09)

“Large projects” refers to high-capital ventures or
collaborations involving multiple stakeholders, often
in industries such as technology, energy, and
infrastructure. Larger projects tend to occur in rapidly
growing or highly competitive industries, which could
influence syndication strategies. The reviewer pointed
out that foreign investors, when faced with unfamiliar
and high-risk projects, collaborate with others to

adapt to the local environment, optimize investment
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strategies, and mitigate uncertainties.
When an
performance,

IPO market
of such collaboration

industry shows strong
the benefits
become even more apparent. Industry hotness not
only boosts confidence in investment returns but also
encourages foreign VCs to actively seek partnerships
with domestic VCs in hot sectors to leverage local
knowledge and social capital, mitigating the challenges
posed by cultural and institutional barriersl'3l.
Although cultural and organizational differences may
initially reduce the attractiveness of foreign VCs
entering new marketsB3%, industry hotness amplifies
the potential benefits of collaboration. In a hot industry,
even if there is significant industry distance, foreign
venture capital (VC) firms may be more inclined to
collaborate across communities due to the potential
for high returns. The urgency to gain access to these
rapidly growing sectors may outweigh concerns about
cognitive or strategic misalignment caused by industry
distance. As a result, industry hotness acts as a
moderator by reducing the negative impact of industry
distance on syndication likelihood. There are also
empirical studies showing that, despite perceived risks,
venture capital firms are more likely to cross
knowledge boundaries and engage in syndication in hot
industries in order to seize emerging opportunities(3!-32],
Therefore, in high-hotness industries, the likelihood of
collaboration between domestic and foreign VCs
significantly increases, particularly when both parties
can complement each other’s resources and jointly
address uncertainties[33l.

In summary, hot industries provide a common
interest that drives domestic and foreign VCs to
overcome cultural and institutional differences,
collaborating for mutual benefit. This not only helps
foreign VCs capitalize on local market advantages but
VCs’
participate in global investment networks.

Hypothesis 2:

also enhances domestic opportunities  to

Industry  hotness positively
moderates the relationship between industry distance
and the syndication likelihood of domestic and foreign

firms.
2.3 Local experience and syndication

As foreign VCs gain local experience, they strengthen
their networks within the host country, building social
capital that enables them to better navigate regulatory,
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cultural, and market challenges. According to social
capital theory, which suggests that relationships,
networks, and the trust cultivated through these
connections are valuable resources that facilitate
cooperation and lower transaction costsl’). This
accumulation of social capital reduces information
asymmetry and uncertainty, which are common in cross-
border investments, especially when there is significant
industry distance between partnersl3l.

With deeper social capital, trust between foreign
and domestic VCs grows, helping to overcome the
barriers of industry distance. Domestic VCs become
VGs,
recognizing the benefits of established relationships
and shared normsB34l. This trust also helps foreign VCs
identify strategic complementarities with domestic firms,

more open to syndication with foreign

even in sectors where they previously lacked expertise,
increasing the likelihood of successful collaboration[2l.
Additionally, local experience improves operational
efficiency by streamlining collaboration processes,
reducing coordination costs that are often heightened
by industry distancel33]. This increased efficiency, along
makes  cross-border

with  stronger  networks,

partnerships more attractive, even in industries
beyond the foreign VC’s core expertise.

As foreign VCs’ social capital grows within the
venture capital community, their network position
strengthens, their guanxi increases, allowing them to
attract more central and influential partners both
within and outside their networks, thereby diversifying
their syndication strategies[l. As a junior partner of a
Chinese VC, Mr. Z. stated:

“... Guanxi is indeed important some projects fail,
but it is OK, since guanxi is there. It [a successful...
project] is the result of process of collective actions
which are necessary for guanxi building.” (Mr. Z: C02)

He pointed out that the guanxi foreign VCs acquire
during their local activities are extremely important.
Unlike general social capital, guanxi is not just about
relationships but involves deeply embedded networks
of personal connections characterized by mutual trust,
reciprocity, and long-term commitment. In business,
guanxi often requires individuals to engage in
continuous exchanges of favors, cultivating a sense of
obligation. This network of trust helps reduce
transaction costs, improve access to resources, and

provide informal mechanisms to resolve conflicts.
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Moreover, guanxi plays a key role in navigating China’s
complex regulatory environment, where formal legal
institutions may not always be sufficient for resolving
business disputes. Instead, businesses often rely on
personal networks to gain access to government officials,
processes. This
interconnected system of trust and obligations ensures
that businesses can adapt and thrive within China’s

secure approvals, or expedite

institutional framework. Foreign VCs may prefer
collaborating with domestic VCs in uncertain market
conditions where local knowledge remains critical for
managing risksl!2l.

In summary, social capital theory offers a robust
framework for understanding how foreign VCs adapt
their strategies through building trust and networks,
reducing uncertainty, and improving collaboration with
domestic partners as they gain local experience.

Hypothesis 3: Local experience positively
moderates the relationship between industry distance
and the syndication likelihood of domestic and foreign

firms.
3 Empirical Analysis

3.1 Data

We tested the hypotheses using data on China’s
venture capital investments from 2000 to 2014.
Examining investments during this period provides a
greater opportunity to assess the trend in venture
capital’s  industrial expansion.  Alongside the
unexpected and dramatic growth of China’s industry,
VC has played an increasingly significant role in
promoting the economy of China’s financial market.
The difference between institutional and cultural
norms offers us an opportunity to observe the
formation of collaboration in group level.

Our primary data source is the Simuton database,
from which we draw an initial sample of 1950 VCs
with 3744 digital

investments. We picked these industries for three

economy-related  syndication
reasons. First, both foreign VCs and domestic VCs
own resources which allows them to gain more
bargaining power when negotiating. Second, the
number of provides a large sample. Third, some
alliances may cross these two industries because of
the emerging trend of integrating hardware and
software in global competition.
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3.2 Semi-supervised community detection

The VC network is the mostly constructed based on
syndication, which means that a tie between two VCs
will be created that if two VCs have at least one
common investees[3¢ 371, A community is the sub-
structure of whole network that essentially a
collection of VCs who frequently form syndicates
together. For generating more social capitals and
absorbing new knowledge, syndication would not
exclusively with a small number of VCs.

In order to observe the differences of alliance
collaboration, we used a semi-supervised community
detection algorithm purposed by Xiong and Fanl38] to
classify the VC community. This algorithm would
combine the syndicate alliance network’s clustering
method with fieldwork-gathered ground truth. Over
the entire sample period, the algorithm categorized
these VCs into seven different communities, because
communities can be regarded as alliances with porous
boundaries and implicit agreements!'l.

Over the entire sample period, the algorithm
categorized these VCs into seven distinct communities,
each characterized by specific factors such as capital
type and geographic location. Notably, the largest
community (Community |) is dominated by domestic
VGCs, primarily located in Shenzhen. In contrast,
Community 2 comprises mostly foreign VCs with an
international focus, centered around major cities like
Beijing and Shanghai. Other communities, such as
Community 3 which feature a mix of domestic and
foreign firms, Communities 4 and 5 are relatively
independent foreign VC dominant community with
specific industry focused, Community 7 is domestic
VC dominated
concentration in Suzhou, and Community 6 is a small

community characterized by its

community which has no VC satisfied the following
selection criterions. The sizes (number of VCs) of the
various communities are shown in Table I.
motivation for

To analyze the multi-party

collaboration with inter-alliance, we restrict the
sample to syndicates with at least three members and
select the investment round to early and expansion
stages. Given that our focus is on analyzing the
syndication models involving connections within and
between dominated VC type alliances which will be

explained in next section—Community 3 represents a
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Table | Community size.
Community Size
| 710
2 330
3 145
4 132
5 137
6 22
7 58

mixed community that is not included in our detailed
analysis.

We proceed with five types of syndication models
which is directly related to the distinct community
structures identified by the algorithm. The first type
contains the connections within domestic VCs
dominated alliances, the second type contains the
connections within foreign VCs dominated alliances,
the third type contains the connections between
domestic VCs dominated alliances, the fourth type
contains the connections between foreign VCs
dominated alliances, and the fifth type contains the
domestic VCs

alliances and foreign VCs dominated alliances.

connections between dominated

These communities, as identified by the algorithm,
reveal significant differences in the behavior and
characteristics of domestic versus foreign VC firms, as
well as in the nature of their interactions. The first
two types of syndication models focus on the
connections within domestic and foreign VC-
dominated alliances, respectively, recognizing that VCs
within the same national or cultural context tend to
form more cohesive and homogenous communities.
The third and fourth types of syndication models
examine the connections between different domestic
and foreign VC-dominated alliances. The fifth type of
syndication model, which focuses on connections
between domestic and foreign VCs, is particularly
insightful because it captures the dynamics of cross-
border investments. This model reflects the strategic
partnerships that occur when domestic and foreign
VCs join forces to leverage complementary resources
and market access, a behavior that is crucial for
understanding the global integration of the VC industry.
Analyzing these five types of connections allows for a
detailed understanding of how community structures

influence the likelihood and nature of VC syndications,
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providing a comprehensive view of the interplay
between domestic and foreign investment alliances.

Figure | illustrates the collaboration trend, indicating
that as the market matures, the number of
collaborations in which foreign venture capitalists take
an advantage position is diminishing, even though the
expansion of alliance itself is keep growing. Figure |
also highlights the differences in industry expansion
between intra-alliance and inter-alliance collaborations.
Directly measuring preferences in invested industries
is challenging. Instead, metrics like entropy can be used
to estimate variations in the expansion of invested
industries. By applying a three-year window to
syndication data, we can calculate the entropy of
industry distribution. This three-year span also enables
the analysis of strategic alignment and collaboration
patterns among venture capitalists, particularly in
environments where information asymmetry is high.
There are two dimensions to investing behavior: depth
of invested capital, which indicates how many
investments venture capitalists made in a particular field,
and breadth of invested capital, which indicates how
many fields venture capitalists invested in through
various investments.

We selected samples for analysis that include
syndications with three or more participating VCs and
involve foreign VCs. There are 1229 investments
remaining to constitute the subsets used to test our
hypotheses, whereas 612 investments are inter-alliance
observe  the

collaboration investments. To

characteristics of multi-party collaboration, we
measure the attributes of each VC using a five-year
window. This period is ideal for capturing long-term

trends and strategic shifts in venture capitalists’

229 o
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Fig. | Trend of the growing industrial expansion by
different types of co-investments.
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behaviors, such as changes in geographical focus,
investment expertise, and portfolio performance.
Over five years, attributes like industry specialization,
reputation, and network evolution become more
pronounced, investment

significantly  influencing

decisions, particularly in foreign markets. This
approach ensures a comprehensive understanding of
how these factors evolve and affect collaborative
To better

difference, we use the industry sectors code from

strategies. measure the inter-alliance
China’s “industrial classification for national economic
activities” to standardize the industry attribute in

Simuton data.
3.3 Variable

3.3.1 Dependent variable

Cross-community. The primary dependent variable
in this study is cross-community collaboration, which
measures whether a syndication involves VCs from
different communities (i.e., foreign-dominated and
domestic-dominated). We create a dichotomous
variable to indicate whether a syndication is cross-
community (coded as |) or within-community (coded
as 0). Syndications that involve only foreign VCs within
the same community are coded as within-community
collaborations, while syndications that include both
foreign and domestic VCs from different communities

are coded as cross-community collaborations.
3.3.2 Independent variable

Industry distance. To measure industry distance
within the syndicate, we first computed the industry
specialization of syndicate members. The variable
measures the degree to which a VC firm specializes in
a particular industry sector. We calculate this by
examining the proportion of investments made by
each VC in
healthcare, and digital services) over the five-year
Higher
specialization scores indicate a stronger focus on a
particular industry, which may influence the VC’s
propensity to collaborate with local partners who have

specific industries (e.g., technology,

period preceding the syndicationl'% 3%l

complementary expertise. The industry distance
describes the difference in the specialization of venture
capital firms within a syndication. Higher industry
distance indicates a greater degree of focus on
different industries, which may affect a VC’s ability to
collaborate with others due to differences in expertise

or market knowledge.
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3.33
Industry hotness. Industry hotness is defined as the
percentage of VC-backed companies

Control variable

in a given
industry that have successfully exited through an initial
public offering (IPO) or merger and acquisition (M&A)
in the prior year[*0l. Thus, it is a time-variant variable
that captures the attractiveness of the industry for
VCs and the perceived risks associated with investing
in that sector. We expect industry hotness to affect
the likelihood of cross-community collaboration, as
foreign VCs may seek domestic partners in less
established or high-risk industries.

Local experience. Local experience is measured
as the number of years a foreign VC has been active in
the Chinese market. This variable accounts for the
VC’s
institutions, and market dynamics. We expect foreign

foreign familiarity with local regulations,
VCs with more local experience to be less reliant on
domestic partners and more likely to engage in within-
community collaborations.

Syndication size. We subtract the annual average
size of syndicates from the number of partners in each
syndicate.

Prior tie density. Prior tie density was measured
as the ratio of preexisting dyadic ties to the total
number of possible dyadic ties within the prospective
syndicate. Consistent with prior research on
syndication in the VC context[*! 421, a prior tie was
determined to exist when two VC firms had co-
invested in the same round for the same venture at
least once in the five years preceding the new focal
investment. Prior tie density is a continuous variable
whose value ranges from 0 to |.

Status heterogeneity.

which was proposed by Bonacich[*3], is a commonly

Eigenvector centrality,
used attribute to measure the network status in many
researchesl!> 3% 44, Eigenvector centrality quantifies a
node’s influence by considering the importance of its
connected nodes. The high eigenvector centrality
indicates that a VC is not connected to others who
have a high influence. Following Gulati and Gargiulol*?],
we capture the similarity by calculating the ratio of the
smaller to the larger centrality score of the two VCs
and then using | minus the average of the pairwise as
measures of status similarity in the syndicate.
Clustering coefficient. The clustering of a node is
the proportion of all possible triangles that pass
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through it. In general, the average clustering coefficient
reveals how the structure holds a global triangle
structurel*l. To normalize the value over time, we
divide the average clustering coefficient of each
syndication by the average clustering coefficient of
each sliding window network for the past five years.

Structural hole. Structural holes indicate the
redundancy of an actor’s ties to the other structures.
Burtl*] suggested that network constraint effectively
measures a firm’s lack of access to structural holes.
The less constraints or structural holes there are, and
the more information arbitrage opportunities there
should be. For measuring the constraint of VCs in a
syndication, we sum up the network constraint and
divided by the number of VCs.

Geographic distance. Geographic proximity has
played a role in the formation of the VCs’ partnership,
while  diversity in location would increase
communication and coordination costs[*® 41, Research
found that VCs that are geographically closer are more
likely to collaborate, as
concentrated in certain regions, such as Silicon Valley,
Massachusetts, and New York[Bl, Similar to Ref. [12],

we collect the corresponding latitudes and longitudes

investments are highly

of the city center where each VC headquarters is
located and use spherical geometry to calculate the
distance between VCs on a dyadic level. To calculate
the average distance in a group, we then calculated the
average distance in the group and did the log
transformation.

Geographic similarity. The
pattern of VC investments may affect performance, as

spatial diffusive
VCs may experience industrial local bias if they
concentrate in specific regionsl®!: 52l Thompson[>3]
argued that competition for investment opportunities
in the areas where VC firms initially concentrated
leads to declining returns and eventually the spatial
dispersion of VC activities. Sorenson and Stuart[34]
further suggested that VC investment do not need to
be agglomerated or co-agglomerated with VC-backed
companies. In order to identify the preference of VC
investments, we also extract name of the first-level
administrative divisions from the address of portfolio
companies as investment location, and count the
number of times a VC invested in that area. Then we
calculate the preference of specific region p;, x g,
where p, and q; are the proportion of two VCs
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invested in the location i, if VC has not invested in the
location i, the value is 0.

Internal indirect tie density. Based on the
definition from Zhang et all'Z, two firms are
considered to have an indirect relationship when they
are separated by a network distance of two. Thus, if
two firms have co-invested with a common third party
but have not invested together in the preceding five
years, these firms have an indirect relationship. To
calculate internal indirect tie density, we first
determined whether there was an indirect connection
between two partners in the same community through
another VC. Calculating the proportion of pairs in the
potential syndicate that were connected by at least
one external indirect tie through a firm outside of the
community is a similar method for calculating external
indirect tie density.

Foreignness. It was measured as the percentage of
foreign VCs in group-level syndication, which to
represent how much foreign VCs collaborate with
domestic VCs.

Firm age. While younger ventures tend to be
associated with a greater degree of contextual
uncertainty, following Hallen[>#], we used venture age

as a proxy for contextual uncertainty.
3.4 Model

Previous researches proved an obvious tendency that
investment experience and overlapping knowledge
bases would increase the possibility of selecting
partners after their initial selection[4], and the potential
investment opportunities generally circulate within
geographic and industry spacesB4. To better
understand the motivation of foreign VCs partner
selection in group-level, we use logistic regression to
analyze the effect of foreign VCs’ choice for inter-
alliance collaboration.

The logit regression model, often known as logistic
regression, is designed for binary classification tasks. It
predicts the probability of the dependent variable
belonging to a particular class. The model’s formula

can be expressed as

|0g <7| ﬁp) = ﬁo+ﬁ|x| +B2X2+"‘ +ﬁnxn’
where p represents the probability of the dependent
variable being in the default class given the predictors.
The logit function (the natural log of the odds of the
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dependent variable equaling a certain value) is modeled
as a linear combination of the predictors, where S,, 3,
B., and B, are the coefficients to be learned, adjusting
the effect of each predictor on the log odds. This
model is useful for scenarios where the outcome is
categorical and dichotomous, providing a foundation
for estimating probabilities in a way that is easy to
interpret and implement.

3.5 Result

In Table 2, we provide the descriptive statistics and pair-
wise correlations for the variables included in the
analysis of the probability of forming co-investment
partnership between all variable in our sample. The
variable foreignness shows a mean of 0.858. This is the
result of evidence indicating that foreign VCs are more
likely to partner with other foreign VCs when
syndication as a group. It can be seen from the results
that the correlation coefficient between variables is
relatively small.

Our hypotheses regarding the formation of
syndication involving foreign VCs are empirically
tested in Table 3. Model | includes all control variables,
variables in the control group behave mostly as expected.
For instance, the group clustering is positive, which
indicates that the inter-community collaboration is
more likely generated by VCs who is in the core
position in the network. The coefficient of Industry
distance of VC firms is negative, which indicates that
VCs are more

likely to form inter-community
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collaborate when they have same rooted in specific
industry. However, the coefficient is not significant, so
Hypothesis | is not supported.

Model 2 introduces the interaction term of industry
distance and Industry hotness. The interaction term is
positive (f = 34.7920, s.e. = 14481, p < 0.10, where
s.e. stands for standard error, and it indicates the
precision or reliability of the estimated value of the
regression coefficient (5)). The interact effect suggests
that inter-community collaboration would be more
likely to occur when VCs desire to enter the hotness
market as the possibility to gain knowledge in an
industry they are unfamiliar with. Because industry
distance and industry hotness are both negatively
correlated in Model 2, Hypothesis 2 is supported.

Model 3 introduces the interaction term of Industry
distance and local experience. The interaction term is
positive (f = 8.502, s.e. = 4.943, p < 0.10). Since VCs
in a community are more likely to be formed by the
VCs that come from the same country, foreign-
domestic collaboration occurs as inter-community
collaboration. Hypothesis 3 is supported

Model 4 includes all variables and interactions, and
the conclusion remains unchanged. In conclusion, most
supported. And the
significance of foreignness is diminished by the addition
of new variables, indicating that domestic VCs are less
valuable as alliance members while foreign VCs have
deeply embedded in local market and aim to further
knowledge.

hypotheses are statistical

Table 2 Statistical description.

Standard
Variable Mean Foreignness

Syndication Prior tie Geographic Industry Geographic Venture Structural Group Status

Indirect tie Industry  Local

deviation size density similarity distance distance age hole  clusteringheterogeneity density hotness experience

[ 0.858 0.229

2 1253 0247  —0.040

3 0213 0272 0.610 —0.060

4 0817 1.657 0.520 0.020 0.780

5 0.545 1.550 -0.030 0.090  -0.020 0.090

6 8.648 2.543 -0.090 0.050  -0.130 —0.170  -0.060

7 —2.567 436l 0.390 0.020 0.130 0.140  -0.040 —0.020

8 0.588 0.375 0.000 0.150  —0.060 0.020 0.120 0.040 -0.010

9 0.440 0.330 0.280 -0.470  0.190 0.130  -0.100  0.020 0210 -0.160

10 0.116 0.079 0.280 -0.190  0.280 0260 -0.070 -0.150  0.060 —0.060 0410

1 0.204 0.250 0.260 0.150 0.130 0.150 0.070 0.470 0.190 —0.050  0.190 0.100

12 0.066 0.050 0.050 -0.100  —0.020 —0.040 -0.010  0.500 0.010  0.070 0.090 o.110 0.250

13 0.408 0310 —0.040 0.100 0.010 0.090 0.120  -0.380 —0.060 —0.020 -0.040 —0.020 -0.090 —0.380
Cross- 0.328 0.470 -0.150 0.040 -0.120 -0.050 -0.160 0.110  -0.020 0.040 0.090 o.110 0.140 0450  0.380

community




38

Journal of Social Computing, March 2025, 6(1): 29—42

Table 3 Empirical results (logit regression).

Variable Model | Model 2 Model 3 Model 4
Industry distance —1.1403 —3.7393%* —3.4542%* —5.8652%*
(0.1981) (0.0064) (0.0443) (0.0037)
Industry hotness —5.3826* —8.0756* —6.0639* —8.4586*
(0.0567) (0.0152) (0.0357) (0.0117)
Local experience 3.3606%** 3.43] I#k* 2.9823%¥* 3.0697+F*
(0.0000) (0.0000) (0.0000) (0.0000)
Industry distance x industry hotness - 34.7920* - 34.5570*
(0.0163) (0.0270)
Industry distance % local experience - - 8.5019* 7.7352*
(0.0854) (0.0925)
Syndication size 0.1809 0.1337 0.1556 0.1137
(0.8063) (0.8588) (0.8365) (0.8821)
Venture age —0.0113 —0.0124 —0.0096 —0.0104
(0.7173) (0.6922) (0.7622) (0.7397)
Geographic similarity —0.0236 —0.0250 0.0514 0.0548
(0.9748) (0.9744) (0.9476) (0.9456)
Geographic distance 0.3103** 0.3065%* 0.3143** 0.3069**
(0.0077) (0.0082) (0.0083) (0.0095)
Seructural hole —1.0180* —1.0218*% —1.0762* —1.1001*
(0.0879) (0.0869) (0.0724) (0.0675)
Group clustering 1.6710%* 1.7437%%% 1.6145%* |.6785%*
(0.0011) (0.0008) (0.0018) (0.0014)
Status heterogeneity —2.5354 —2.7279 —2.4932 —2.6756
(0.3016) (0.2833) 03131) (0.2932)
Prior tie density —1.0264 —1.0379 —1.0625 —1.1252
(0.1830) (0.1699) (0.1749) (0.1408)
Indirect tie density 05116 0.5547 0.4090 04310
(0.4385) (0.4028) (0.5312) (0.5123)
Foreignness —1.6227* —1.5280%* —1.6418* —1.5339*%
(0.0118) (0.0186) (0.0127) (0.0205)
R-squared 0.224 0.232 0.232 0.238
Log likelihood —158.535 —156.951 —157.042 —155.694
Note: *: p<5%. **: p<|%. ***: p<0.1%.
4 Discussion and Implication how China’s unique institutional environment,
including  regulatory  frameworks,  government

This study examines the impact of industry distance on
the likelihood of collaboration between domestic and
foreign venture capital (VC) firms, along with the
moderating effects of industry hotness and the local
experience of foreign VCs. The findings suggest that
while greater industry distance tends to reduce the
likelihood of collaboration, this effect is not significant.
The reason can be explained from three perspectives:
on one hand, previous research suggests that the
measurement of industry distance might influence the
resultsl'® 531, on the other hand, signaling theoryl>¢]
that VCs use
collaborations to signal

posits foreign cross-community

legitimacy and reliability,
particularly in high-risk markets. This signaling effect is
more critical than industry fit, reducing the impact of
industry distance.

Furthermore, we have expanded our discussion on

involvement, and guanxi (relationships), significantly
In  China,
government policies often play a critical role in market

shapes the behavior of foreign VCs.

entry and business operations, while guanxi is essential
for gaining access to resources and building trust.
Guanxi is essential for foreign venture capital (VC)
firms seeking legitimacy and resources in China, where
it serves as a unique form of social capital that
operates distinctively from Western concepts. As
Yangl>’] explained, guanxi is maintained through gift
exchanges, emotional bonds, and social activities,
emphasizing reciprocal obligations and long-term
emotional connections that extend beyond personal
life to permeate business and political spheres. This
guanxi network fosters resource sharing and support

through interpersonal relationships, facilitating access
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to crucial information, building trust, and navigating
China’s complex regulatory landscape. Gold et al.[58]
further highlighted that guanxi embodies a form of
social capital unlike that in the West, incorporating
both personal networks and broader social institutions
that cultivate cooperation and trust through
obligations and emotional ties. Comparatively, while
Western social capital relies on institutionalized,
transparent networks based on shared goals, guanxi
emphasizes  personal  relationships,  long-term
commitment, and mutual assistance within informal
social structures, which are central to Chinese
business culture. Guanxi also plays a strategic role in
mitigating regulatory uncertainty, as Boisot and Child[5°]
and Guthriel®® pointed out, providing firms with
means to secure support from government bodies and
anticipate policy changes in an often opaque regulatory
environment. Real-world examples further underscore
guanxi’s importance for foreign firms: Goldman Sachs
leveraged guanxi effectively through partnerships with
local entities to establish a strong foothold in Chinal®'],
while Yahoo struggled without similar networks,
ultimately losing market share and exiting the Chinese
marketlé2l. For foreign VCs, guanxi not only improves
operational success by reducing risk but also offers
essential market insights, resource access, and entry
advantages. Thus, the ability to build and sustain guanxi
becomes a crucial determinant of success for foreign
VCs in China, underscoring its role in overcoming
cultural and institutional barriers and enhancing
competitive positioning within the market.

Given the unique contextual factors in China,
industry distance may indeed be less critical in China
compared to other markets. Instead, the ability to
navigate the regulatory environment and leverage
guanxi may be more determinant of foreign VC success,
helping explain why variables like industry distance
show reduced significance in this context.

The study also reveals that industry hotness
positively moderates the relationship between industry
distance and collaboration likelihood. In high-growth
industries, the potential for high returns can make
collaboration more appealing, even across significant
industry distances. This suggests that in attractive, fast-
growing sectors, the benefits of collaboration may

outweigh the challenges posed by industry distance,
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encouraging domestic and foreign VCs to work together.
Furthermore, the local experience of foreign VCs
enhances their ability to navigate the local market,
build
strategically with local firms. This familiarity and

trust with domestic partners, and align
increased operational efficiency make collaboration
more feasible and attractive, even in industries that are

far from the foreign VC’s core expertise.
4.1 Implication for international business

This study provides valuable insights for international
business, particularly for foreign VCs seeking to enter
or expand in the Chinese market. The findings indicate
that, in China’s unique environment, industry distance
has a limited impact on collaboration, while guanxi and
the ability to navigate local institutions are crucial. Guanxi,
as a distinct form of social capital, helps foreign VCs
build trust, access resources, and effectively manage
complex regulatory landscapes, as demonstrated by
Goldman Sachs’

Additionally, the study reveals that industry hotness

success and Yahoo's challenges.

and local experience can enhance collaboration
outcomes. In high-growth sectors, the returns on
collaboration may outweigh the challenges posed by
industry distance, and extensive local experience
enables foreign VCs to build trust and optimize
operations. Therefore, in emerging markets like China,
foreign VCs should prioritize building guanxi and
gaining local experience over strict industry alignment.
For policymakers, the

study suggests supporting

domestic and foreign collaboration and reducing
institutional barriers to attract foreign investment in
high-potential sectors, thereby promoting the long-

term development of emerging markets.

4.2 Theoretical contribution

This study offers important theoretical contributions
to the understanding of international venture capital
and cross-community collaboration. By examining how
factors such as guanxi, industry hotness, and local
experience shape foreign VCs’ success in emerging
markets, the study extends the theory on the “liability
highlighting that
institutional navigation, rather than industry alignment,

of foreignness”, relational and
can be critical to effective collaboration. Furthermore,
the application of signaling theory is expanded to high-
risk markets, showing that foreign VCs leverage cross-
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community partnerships not only for resource access
but also to establish legitimacy and credibility, a
strategy that proves more effective than traditional
industry fit. This
theoretical understanding of how industry hotness and

research also broadens the
local experience act as positive moderators in
collaborative contexts, supporting more nuanced
perspectives on cross-border investment behaviors in
environments where informal networks and cultural
embeddedness are vital.

4.3 Limitation and future research

While this study provides important insights into the
strategies of foreign VCs in China, it is not without
limitations. First, the focus on China’s venture capital
market may limit the generalizability of the findings to
other emerging markets, where institutional and
cultural conditions may differ. Future research could
extend this analysis to other regions, such as
Southeast Asia or Latin America, to examine whether
the findings hold in different institutional contexts.
Second, this study focuses on syndication-based
collaborations and does not account for other forms
of partnership, such as joint ventures or strategic
alliances, which may also influence the dynamics of cross-
community collaborations. Future research could
explore how different types of partnerships impact
foreign VC strategies and investment outcomes.
Finally, this paper examines the signaling role of co-
investment in the Chinese market; however, it does
not distinguish between the signaling needs of new
entrants and those of established venture capital firms.
For new entrants, signaling remains an essential tool
for overcoming initial market barriers and establishing
legitimacy. For more mature venture capital firms,
factors driving their collaboration may
maintaining  strategic advantages, accessing local
networks to sustain competitive positioning, and

include

leveraging deeper industry insights. Future research
could explore the behavioral and strategic differences
of venture capital firms at different stages in the
Chinese market.

Appendix
Code of interviewees is shown in Table Al.
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Table Al Code of interviewees.

Interviewee Occupation Code
Mr. L A junior manager in a state-owned VC firm COl
Mr. Z A junior partner of private VC investor C02
Mr. Y A senior partner of a private VC investor  C03
Mr.C A CEO of a state-owned VC firm Co04

Mr. X A manager of a branch of a large VC investor CO05

Mr. S A CEO of a private VC in the tech industry C06
The head of a central government affiliated
research institute
Mr.Li  The CEO of a leading foreign venture capital CO08
The CEO of a leading state-owned VC

Mr. G Cco7

Mr. D . ) C09
invested by a province
Mr. H The CEO ?f a leading stat.e-owned VC clo
invested by a city
Mrs. T The CEO of a private-owned incubator Cll
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